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This is the concept paper behind the interactive
machine learning approach; along with it there
are four proof-of-concepts. Since its release two
years ago it received 145 citations and 15,000
downloads! The topic was selected as “Aktuelles
Schlagwort1” by the GI
In machine learning we are often confronted with
data in arbitrarily high dimensional spaces and
we must map it down to dimensions perceivable
to the human. Irrelevant, redundant, and
conflicting dimensions can negatively affect
effectiveness and efficiency of the analytic
process (curse of dimensionality). In this paper
we present a new method to visually explore
subspace clusters from different perspectives and
introduce a novel analysis workflow.
While the interactive machine learning approach
can be beneficial for solving various problems in
different domains, it relies heavily on the
authenticity of the data, thus there is urgent need
for secure and reliable databases. Here, we
provide a novel solution to protect a doctor in
the loop against manipulated data.
In three experiments we explore the annotation
of semantic relations with relation instance
learning across documents. Our experiments
validated the interactive machine learning
method both qualitatively and quantitatively,
and give rise to a personalized, responsive
information extraction technology.
Here we show on a gamification experiment how
to open a black box, thus enabling a human
directly and indirectly interacting with an
algorithm. We selected the Ant Colony
Optimization (ACO) framework and use it on the
Traveling Salesman Problem (TSP) which is of
high importance in solving many practical
problems in practice, e.g. in health informatics, in
the study of proteins. I have a good track record
in gamification2, e.g. my first gamification paper
received 606 citations!
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